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1 Introduction

The transition of the COSMO model to ICON-LAM (ICOsahedral Nonhydrostatic-Local
MOdel) is a new task for the forecasters who are asked to issue everyday forecasts and take
decisions about warnings of extreme events. Apart from the operational verification proce-
dures, the forecasters, who receive on a daily basis the outputs of COSMO and ICON models,
gain subjective experience of the model performance according to the forecast outcome. The
model performance can vary with different synoptic conditions, seasons and regions. By
constant monitoring, model deficiencies may be detected. Therefore, the forecasters’ feed-
back can play an important role in model improvement. In addition to that, forecasters may
have some specific needs in terms of model outputs that can be useful for specific types of
forecasts such as TAF and sea route forecasts. To this aim, a survey was distributed twice
a year for the period September 2022 to August 2023 to seven national services listed in the
Table below. Note that German National Weather Service (DWD) although using all the
ICON chain is not participating. The forecasters, according to the questions of the survey,
after monitoring the models performance, answered the survey at the end of each evaluation
period after collecting representative cases of:

• added value of ICON-LAM compared to the COSMO-model for different weather
regimes,

• identification of ICON-LAM decreased model skill for certain regions or certain weather
regimes,

• added value of ICON-LAM compared to the COSMO-model in case of severe weather
situations.

Furthermore, additional requirements of ICON-LAM users with respect to data format and
output of meteorological variables have been reported by the forecasters and will be taken
into account for post-processing software development.

For the survey questions see Appendix A.

Some feedback was also provided from Priority Project C2I (“COSMO transition to ICON-
LAM”, COSMO TechReport No. 48), and some additional information was added from C2I
surveys. A list of the contributions is given in the Table below.

September 2022 to February 2023 March to August 2023 C2I
ARPA-P x x x

IMS x x
CNMCA x x

NMA x x x
IMGW x x
MCH x x

HNMS x x x

The main ICON performance findings are in brief as follows:

• ICON-LAM performance is overall satisfactory for most variables and helpful for the
forecast.

• Wind forecast is satisfactory.
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• Wind gust forecast is more satisfactory than COSMO, however there are cases of
overestimation in orographic and convective conditions.

• Overall ICON-LAM satisfactory prediction of precipitation area and convection initi-
ation.

• Stratiform precipitation is better predicted with ICON-LAM and does not depend on
700hpa humidity as COSMO does.

• Overestimation of precipitation maxima mainly in convective, orographic and coastal
precipitation, producing false alarms for thunderstorms.

• Precipitation misses for deep convection in Italy

• Erroneous convection inhibition at night in warm seasons in Italy.

• Better low clouds and fog forecasts than COSMO although there are cases of fog
overestimation.

• For severe precipitation and fog warnings, false alarm is more common than miss.

• More difficult forecast in transition seasons and small-scale low systems.

• COSMO and ICON-LAM forecasts are more similar in DJF season.

• Differences in forecast range mainly in second day in favour of ICON.

2 Analysis of the Survey Answers

A summary of the answers grouped in tables is given below.

2.1 Models Information and Use

(See model abbreviations names in Appendix B)
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2.2 Use of ICON-LAM forecast products and needs

Which ICON-LAM DMO outputs are used for the daily forecast ?

ARPA-P Temperature, Precipitation, Cloudiness
(and relative humidity), Wind

IMS Precipitation maps, convection indices

CNMCA
Standard meteorological primary and derived fields
are plotted such as cloud cover, precipitation, snow,

freezing level, RH 2m, wind 10m, Vertical velocity 700hPa

NMA
Low/medium/high, total clouds coverage,

10m wind, wind gust, accumulated precipitation 3h, 6h, 24h, 48h,
CAPE, 2m temperature, MSLP, relative humidity

IMGW
Cloud cover (low, mid, high), Temperature min, max,

mean (24h), temperature, relative humidity, vertical velocity,
wind, precipitation, rain, snow (1,3,6,12,24h)

MCH
Mainly horizontal and vertical wind, temperature and relative humidity

at various pressure and geopotential height levels, cloud cover,
precipitation, radar reflectivity, sunshine duration, snowfall

HNMS

3h/6h/12hPrecipitation, 10m wind speed, probability of thunderstorm,
3h/6h snowfall (only in winter), Total cloud cover, convective cloud tops,

soundings for selected cities, wind plots at various flight levels,
height of 0°C isotherm

2.3 ICON-LAM added value and performance satisfaction
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3 Comparison with objective Verification

In this section, the main forecasters’ comments about different parameters are compared to
the objective verifications. Objective verification reports can be downloaded in this link:
http://www.cosmo-model.org/view/repository/wg5/meetings/2024-01-24

Seasonal verifications for local domains are also available on the COSMO website:
www.cosmo-model.org/content/tasks/verification.priv
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4 Summary

4.1 Model Use and Products

• IFS is the most common model for initial and boundary conditions, with ICON-
GLOBAL used only in NMA and IMGW.

• Data assimilation for ICON-LAM is used in four services. KENDA is used in ARPA-P,
CNMCA, MCH, while IMS uses LHN. Kalman filter correction is applied in MCH.

• ICON-LAM is running operationally in all services except for MCH. However, it is not
the main model for most of them, (IFS is the most popular), especially for lead times
greater than 3 days. One reason for this are the limited forecast range compared to IFS
and the delays of ICON-LAM arrival to the forecasters, which are more frequent than
COSMO. ECMWF technical problems causing delays in boundary conditions is the
main reason. ICON-LAM when available, it is always consulted especially for smaller
scales.

• Visual Weather is the most common visualization software. Internal websites and
Grads are also used. Visualisation improvement suggestions are possibilities of in-
cluding all models in one hub, creating multimodel meteograms, adjusting color scale,
zooming.

• Additional requirements about ICON-LAM products include convective indices, prod-
ucts for hail and thunderstorms, visibility maps, synthetic satellite images, special
products for ensemble (clustering based on specific variables).

• Operational verification results are not widely used by the forecasters. Some of the
scores, for example spatial verification may be difficult to interpret. Forecasters prefer
to use their own experience. A scores classification for different synoptic conditions,
HIW, and special test cases with different model versions are suggested to be more
helpful for the forecasters.

• ICON-LAM is used for aeronautical and sea route predictions for five services, at least
for comparison, while only IFS and COSMO are used for the two others. Procedure is
not yet fully automated.

4.2 Model Performance Summary

• ICON-LAM performance is overall satisfactory for most variables and helpful for the
forecast.

• However, there are contradictory opinions regarding precipitation. Although most ser-
vices report overall good performance in warm seasons and convective conditions, with
satisfactory forecast prediction area, there is a tendency of overestimation of maxima,
which is also reported in orographic precipitation in MCH and ARPA-P, coastal and
mountainous regions (IMGW),and local convergence conditions with synoptic condi-
tions of NE flows, S-SW flows over Western and Central parts (HNMS).Transition
seasons (SON, MAM) are more difficult seasons for precipitation forecast.

• Misses in precipitation forecasts are reported in Italy (CNMCA) in deep convection.
Moreover, very often ICON-IT and all other LAM models reported erroneous night
time convection inhibition, with coarser scale models (IFS) being more successful. In
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addition, there were cases where severe convection was poorly forecasted with ICON-
IT, while COSMO-2I and C-LAEF were more successful.

• A positive remark (ARPA-P) is that ICON is less related to the wet 700hPa layer as
COSMO is. Therefore, COSMO stratiform precipitation is often missed if the 700hPa
level is dry.

• In cool seasons, COSMO performs similarly or even better than ICON (NMA). In case
of well established low system with cold fronts in DJF all models including ICON-
LAM tend to forecast similar weather, while in smaller-scale local lows the differences
are more significant, as the movement and location of such lows differ for each model
(HNMS).

• TCC, low clouds and fog are better predicted with ICON-LAM although there is a
tendency of fog events overestimation (NMA, IMS). Sometimes in case of low cloud
conditions precipitation is erroneously forecasted instead of fog, mainly with IFS and
less for ICON (HNMS). Sometimes in case of low cloud conditions precipitation is
erroneously forecasted instead of fog, mainly with IFS and less with ICON (HNMS,
ARPA-P).

• Although wind predictions are generally satisfactory, there is a tendency of wind gust
overestimation in convective conditions and mountainous regions.

• In terms of forecast range, the first hours of simulation, COSMO and ICON models are
similar but for later hours ICON is better (IMS, NMA). ARPA-P reported overesti-
mation of precipitation events in the beginning of the forecast period, underestimation
around the end, with the events duration being forecasted too soon for both models.
IMGW reported ICON occasional delays of precipitation forecast with respect to the
observations.

• ICON-LAM is used for warnings in most services especially for thunderstorms, frontal
precipitation and wind gusts. False alarms warnings for precipitation are common
for thunderstorms in ARPA-P, HNMS and night time wind gusts in NMA. Misses for
precipitation are reported in IMGW, CNMCA. In IMS,ICON is mainly used for issuing
fog warnings, but with significant number of false alarms.

• The comparison of forecasters comments with objective verification agree to the ICON
general better performance than COSMO but also to the ICON performance weak
points.
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A Survey Questions

A.1 Model Run Information

1. Specify the version, grid spacing, nesting setup and forecast range of COSMO/ICON-
LAM you are using. Is ICON-LAM running operationally in your service?

2. Specify the initial and boundary conditions driving models for COSMO and ICON-
LAM.

3. Do you use data assimilation? If yes, please write the assimilation method and the
type of assimilated observations.

4. Specify other models you are using for your forecasts. Specify grid spacing and forecast
horizon.

5. Which model is the main model the forecasters consult for their forecasts. If it is not
ICON-LAM please specify the reason.

6. Do you also use ICON global for your forecasts?

7. Do ICON-LAM forecasts arrive on time? If not, specify the reason.

A.2 Use of model and needs

1. Which ICON-LAM direct model output (DMO) products do you use for the routine
daily weather forecasts?

2. Which types of visualization do you use (maps, meteograms, other plots)

3. What is your visualization software for ICON-LAM ?

4. Are you satisfied with this visualization? If not, what do you suggest that would be
helpful?

5. Do you use ICON-LAM outputs for the regular aeronautical, marine or other opera-
tional forecasts that your service issues?

6. Do you use automated procedure for the creation of the forecasts of the previous
question with model data? If yes, does the forecaster interfere on the model suggested
forecasts?

7. Do you have additional requirements with respect to ICON-LAM data format, out-
put meteorological variables and specific products derived from ICON-LAM numerical
weather forecasts?

8. Do you use post-processing products of ICON-LAM (e.g., convective indices plotted in
meteograms) ? Which ones are more useful and what are your needs?

9. Is the ICON-LAM verification information helpful? Do you take it into consideration
when issuing the daily forecasts or warnings for severe weather?

10. What other ICON-LAM verification products would be useful? Do you apply correction
to ICON-LAM forecasts such as Kalman filter procedure?
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A.3 Model guidance and performance

1. Estimate the overall ICON-LAM model guidance

a) very good guidance, very useful
b) good guidance, useful
c) rather poor guidance, misleading
d) very poor guidance, very misleading
e) additional comments to the choice above, especially if answer is c or d

Is there an overall added value for ICON-LAM compared to COSMO (or other) fore-
casts for particular meteorological parameters? If so, please, indicate the parameters.

2. Is there an added value of ICON-LAM performance compared to COSMO (or other)
model for different regions, weather regimes or different seasons?

3. Identify ICON-LAM decreased model skill for certain regions or weather regimes.Specify
persistent biases in forecasted parameters.

4. Categorize, if possible, the synoptic patterns in the lower and upper troposphere where
biases in ICON/LAM forecasts are more frequent.

5. What are your comments for the forecasted precipitation in general? Do you see
differences among ICON-LAM and COSMO (or other models) for convective or non
convective precipitation? (extent, time of start/end, shape of objects, etc.)

6. Is there an added value of ICON-LAM performance compared to COSMO (or other)
model for different forecast horizons? (Do the forecasts deviate after some hours of
simulation and which one performs better?)

7. Is there an added value of ICON-LAM for predicting severe, high impact weather
(HIW) situations, such as:

• thunderstorms/frost/snow/heat waves/fog/severe wind gusts/storms/road ice/frontal
precipitation

• other (indicate which HIW event)
• We do not predict HIW

8. Please specify the ICON-LAM products that were more helpful for forecasting these
situations. At which lead times?

9. Were the forecasts helpful for issuing warnings sufficiently ahead of time?

10. Did you get often misses or false alarms? If so, mainly for which HIW?

11. Do you notice any systematic difference between different ICON-LAM forecast runs?
Are ICON-LAM runs from a particular initial time more/less successful? Please, indi-
cate the initial time and the variable they are most successful for.

12. Is there an added value (if yes, describe it) from using ICON global NWP comparing
to other NWP models?
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A.4 ICON EPS

1. Do you use the ICON ensemble prediction system (EPS)? What are the parameters
(grid size, number of members). Is it helpful for predicting severe events ahead of time?

2. Is there an added value of ICON-EPS compared to other EPSs you use? For which
parameters?

3. Do you use post-processed ICON-EPS products? (E.g., upscaled probabilities)? If so,
which ones? Do you need/plan to use more products? If yes, could you specify/describe
them?

B List of Models

1. ALARO (Ghent University, Belgium)

2. AROME (Application of Research to Operation at Mesoscale-Meteo France)

3. BOLAM (hydrostatic model of CNR-ISAC/Bologna)

4. GFS (Global forecast System- NCEP/NOAA)

5. IFS -ECMWF (Integrated Forecast System -European Centre for Medium-range Weather
Forecasting)

6. KENDA (Km scale Ensemble Data Assimilation)

7. MOLOCH (hydrostatic model of CNR-ISAC/Bologna in higher resolution)

8. UKMO (United Kingdom Met. Office)

9. WRF (Weather Research and Forecast model-NCAR/MMM)

34



List of COSMO Newsletters and Technical Reports

(available for download from the COSMO Website: www.cosmo-model.org)

COSMO Newsletters

No. 1: February 2001.

No. 2: February 2002.

No. 3: February 2003.

No. 4: February 2004.

No. 5: April 2005.

No. 6: July 2006.

No. 7: April 2008; Proceedings from the 8th COSMO General Meeting in Bucharest, 2006.

No. 8: September 2008; Proceedings from the 9th COSMO General Meeting in Athens, 2007.

No. 9: December 2008.

No. 10: March 2010.

No. 11: April 2011.

No. 12: April 2012.

No. 13: April 2013.

No. 15: July 2015.

No. 16: July 2016.

No. 17: July 2017.

No. 18: November 2018.

No. 19: October 2019.

No. 20: December 2020.

No. 21: May 2022.

No. 22: May 2023.

No. 23: May 2024.

35



COSMO Technical Reports

No. 1: Dmitrii Mironov and Matthias Raschendorfer (2001):
Evaluation of Empirical Parameters of the New LM Surface-Layer Parameterization
Scheme. Results from Numerical Experiments Including the Soil Moisture Analysis.

No. 2: Reinhold Schrodin and Erdmann Heise (2001):
The Multi-Layer Version of the DWD Soil Model TERRA_LM.

No. 3: Günther Doms (2001):
A Scheme for Monotonic Numerical Diffusion in the LM.

No. 4: Hans-Joachim Herzog, Ursula Schubert, Gerd Vogel, Adelheid Fiedler and Roswitha
Kirchner (2002):
LLM — the High-Resolving Nonhydrostatic Simulation Model in the DWD-Project
LITFASS.
Part I: Modelling Technique and Simulation Method.

No. 5: Jean-Marie Bettems (2002):
EUCOS Impact Study Using the Limited-Area Non-Hydrostatic NWP Model in Oper-
ational Use at MeteoSwiss.

No. 6: Heinz-Werner Bitzer and Jürgen Steppeler (2004):
Documentation of the Z-Coordinate Dynamical Core of LM.

No. 7: Hans-Joachim Herzog, Almut Gassmann (2005):
Lorenz- and Charney-Phillips vertical grid experimentation using a compressible non-
hydrostatic toy-model relevant to the fast-mode part of the ’Lokal-Modell’.

No. 8: Chiara Marsigli, Andrea Montani, Tiziana Paccagnella, Davide Sacchetti, André Walser,
Marco Arpagaus, Thomas Schumann (2005):
Evaluation of the Performance of the COSMO-LEPS System.

No. 9: Erdmann Heise, Bodo Ritter, Reinhold Schrodin (2006):
Operational Implementation of the Multilayer Soil Model.

No. 10: M.D. Tsyrulnikov (2007):
Is the particle filtering approach appropriate for meso-scale data assimilation ?

No. 11: Dmitrii V. Mironov (2008):
Parameterization of Lakes in Numerical Weather Prediction. Description of a Lake
Model.

No. 12: Adriano Raspanti (2009):
COSMO Priority Project "VERification System Unified Survey" (VERSUS): Final Re-
port.

No. 13: Chiara Marsigli (2009):
COSMO Priority Project "Short Range Ensemble Prediction System" (SREPS): Final
Report.

No. 14: Michael Baldauf (2009):
COSMO Priority Project "Further Developments of the Runge-Kutta Time Integration
Scheme" (RK): Final Report.

36



No. 15: Silke Dierer (2009):
COSMO Priority Project "Tackle deficiencies in quantitative precipitation forecast"
(QPF): Final Report.

No. 16: Pierre Eckert (2009):
COSMO Priority Project "INTERP": Final Report.

No. 17: D. Leuenberger, M. Stoll and A. Roches (2010):
Description of some convective indices implemented in the COSMO model.

No. 18: Daniel Leuenberger (2010):
Statistical analysis of high-resolution COSMO Ensemble forecasts in view of Data As-
similation.

No. 19: A. Montani, D. Cesari, C. Marsigli, T. Paccagnella (2010):
Seven years of activity in the field of mesoscale ensemble forecasting by the COSMO–
LEPS system: main achievements and open challenges.

No. 20: A. Roches, O. Fuhrer (2012):
Tracer module in the COSMO model.

No. 21: Michael Baldauf (2013):
A new fast-waves solver for the Runge-Kutta dynamical core.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_21

No. 22: C. Marsigli, T. Diomede, A. Montani, T. Paccagnella, P. Louka, F. Gofa, A. Corigliano
(2013):
The CONSENS Priority Project.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_22

No. 23: M. Baldauf, O. Fuhrer, M. J. Kurowski, G. de Morsier, M. Müllner, Z. P. Piotrowski,
B. Rosa, P. L. Vitagliano, D. Wójcik, M. Ziemiański (2013):
The COSMO Priority Project ’Conservative Dynamical Core’ Final Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_23

No. 24: A. K. Miltenberger, A. Roches, S. Pfahl, H. Wernli (2014):
Online Trajectory Module in COSMO: a short user guide.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_24

No. 25: P. Khain, I. Carmona, A. Voudouri, E. Avgoustoglou, J.-M. Bettems, F. Grazzini
(2015):
The Proof of the Parameters Calibration Method: CALMO Progress Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_25

No. 26: D. Mironov, E. Machulskaya, B. Szintai, M. Raschendorfer, V. Perov, M. Chumakov,
E. Avgoustoglou (2015):
The COSMO Priority Project ’UTCS’ Final Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_26

No. 27: J-M. Bettems (2015):
The COSMO Priority Project ’COLOBOC’: Final Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_27

No. 28: Ulrich Blahak (2016):
RADAR_MIE_LM and RADAR_MIELIB - Calculation of Radar Reflectivity from
Model Output.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_28

37



No. 29: M. Tsyrulnikov and D. Gayfulin (2016):
A Stochastic Pattern Generator for ensemble applications.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_29

No. 30: D. Mironov and E. Machulskaya (2017):
A Turbulence Kinetic Energy – Scalar Variance Turbulence Parameterization Scheme.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_30

No. 31: P. Khain, I. Carmona, A. Voudouri, E. Avgoustoglou, J.-M. Bettems, F. Grazzini, P.
Kaufmann (2017):
CALMO - Progress Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_31

No. 32: A. Voudouri, P. Khain, I. Carmona, E. Avgoustoglou, J.M. Bettems, F. Grazzini, O.
Bellprat, P. Kaufmann and E. Bucchignani (2017):
Calibration of COSMO Model, Priority Project CALMO Final report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_32

No. 33: N. Vela (2017):
VAST 2.0 - User Manual.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_33

No. 34: C. Marsigli, D. Alferov, M. Arpagaus, E. Astakhova, R. Bonanno, G. Duniec, C.
Gebhardt, W. Interewicz, N. Loglisci, A. Mazur, V. Maurer, A. Montani, A. Walser
(2018):
COsmo Towards Ensembles at the Km-scale IN Our countries (COTEKINO), Priority
Project final report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_34

No. 35: G. Rivin, I. Rozinkina, E. Astakhova, A. Montani, D. Alferov, M. Arpagaus, D. Blinov,
A. Bundel, M. Chumakov, P. Eckert, A. Euripides, J. Förstner, J. Helmert, E. Kaza-
kova, A. Kirsanov, V. Kopeikin, E. Kukanova, D. Majewski, C. Marsigli, G. de Morsier,
A. Muravev, T. Paccagnella, U. Schättler, C. Schraff, M. Shatunova, A. Shcherbakov,
P. Steiner, M. Zaichenko (2018):
The COSMO Priority Project CORSO Final Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_35

No. 36: A. Raspanti, A. Celozzi, A. Troisi, A. Vocino, R. Bove, F. Batignani (2018):
The COSMO Priority Project VERSUS2 Final Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_36

No. 37: A. Bundel, F. Gofa, D. Alferov, E. Astakhova, P. Baumann, D. Boucouvala, U. Dam-
rath, P. Eckert, A. Kirsanov, X. Lapillonne, J. Linkowska, C. Marsigli, A. Montani, A.
Muraviev, E. Oberto, M.S. Tesini, N. Vela, A. Wyszogrodzki, M. Zaichenko, A. Walser
(2019):
The COSMO Priority Project INSPECT Final Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_37

No. 38: G. Rivin, I. Rozinkina, E. Astakhova, A. Montani, J-M. Bettems, D. Alferov, D. Blinov,
P. Eckert, A. Euripides, J. Helmert, M.Shatunova (2019):
The COSMO Priority Project CORSO-A Final Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_38

No. 39: C. Marsigli, D. Alferov, E. Astakhova, G. Duniec, D. Gayfulin, C. Gebhardt, W.
Interewicz, N. Loglisci, F. Marcucci, A. Mazur, A. Montani, M. Tsyrulnikov, A. Walser

38



(2019):
Studying perturbations for the representation of modeling uncertainties in Ensemble
development (SPRED Priority Project): Final Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_39

No. 40: E. Bucchignani, P. Mercogliano, V. Garbero, M. Milelli, M. Varentsov, I. Rozinkina,
G. Rivin, D. Blinov, A. Kirsanov, H. Wouters, J.-P. Schulz, U. Schättler (2019):
Analysis and Evaluation of TERRA_URB Scheme: PT AEVUS Final Report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_40

No. 41: X. Lapillonne, O. Fuhrer (2020):
Performance On Massively Parallel Architectures (POMPA): Final report.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_41

No. 42: E. Avgoustoglou, A. Voudouri, I Carmona, E. Bucchignani, Y. Levy, J. -M. Bettems
(2020):
A methodology towards the hierarchy of COSMO parameter calibration tests via the
domain sensitivity over the Mediterranean area.
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_42

No. 43: H. Muskatel, U. Blahak, P. Khain, A. Shtivelman, M. Raschendorfer, M. Kohler, D.
Rieger, O. Fuhrer, X. Lapillonne, G. Rivin, N. Chubarova, M. Shatunova, A. Poliukhov,
A. Kirsanov, T. Andreadis, S. Gruber (2021):
The COSMO Priority Project T 2(RC)2: Testing and Tuning of Revised Cloud Radia-
tion Coupling, Final Report
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_43

No. 44: M. Baldauf, D. Wojcik, F. Prill, D. Reinert, R. Dumitrache, A. Iriza, G. deMorsier,
M. Shatunova, G. Zaengl, U. Schaettler (2021):
The COSMO Priority Project CDIC: Comparison of the dynamical cores of ICON and
COSMO, Final Report
DOI: 10.5676/DWD_pub/nwv/cosmo-tr_44

No. 45 Marsigli C., Astakhova E. Duniec G., Fuezer L., Gayfulin D., Gebhardt C., Golino R.,
Heppelmann T., Interewicz W., Marcucci F., Mazur A., Sprengel M., Tsyrulnikov M.,
Walser A. (2022):
The COSMO Priority Project APSU: Final Report.

No. 46 A. Iriza-Burca, F. Gofa, D. Boucouvala, T. Andreadis, J. Linkowska, P. Khain, A.
Shtivelman, F. Batignani, A. Pauling, A. Kirsanov, T. Gastaldo, B. Maco, M. Bogdan,
F. Fundel (2022):
The COSMO Priority Project CARMA: Common Area with Rfdbk/MEC Application
Final Report.

No. 47 A. Voudouri, E. Avgoustoglou, Y. Levy, I. Carmona, E. Bucchignani, J. M. Bettems
(2022):
Calibration of COSMO Model, Priority Project CALMO-MAX: Final Report.

No. 48 D. Rieger et al. (2022):
The Priority Project C2I, Transition of COSMO to ICON - Final Report.

No. 49 E. Churiulin, M. Toelle, V. Kopeikin, M. Uebel, J. Helmert and J.-M. Bettems (2022):
The COSMO Priority Task VAINT: Vegetation Atmosphere INTeractions Report.

39



No. 50 F. Gofa, A. Bundel, M. S. Tesini, C. Marsigli, M. Hoff, D. Boucouvala, A. Mazur,
J. Linkowska, G. Duniec, D. Cattani, B. Pasquier, A. Muraviev, E. Tatarinovich, Y.
Khlestova, D. Zakharchenko (2023):
The COSMO Priority Project AWARE: Appraisal of "Challenging WeAther" FoREcasts
Final Report.

No. 51 E. Russo, B. Geyer, R. Petrik, K. Keuler, M. Adinol, H. Feldmann, K. Goergen, A.
Kerkweg, P. Khain, P. Ludwig, M. Mertens, P. Pothapakula, M. Raffa, B. Rockel, J.-P.
Schulz, M. Sulis, H. Thi Minh Ho-Hagemann, H. Truhetz, L. Uzan, U. Voggenberger,
C. Steger (2024):
CLM Community WG EVAL, COordinated PArameter Testing project 2 (COPAT2):
COSMO-CLM 6.0 clm1 recommended model configuration.

40



COSMO Technical Reports

Issues of the COSMO Technical Reports series are published by the COnsortium for Small-
scale MOdelling at non-regular intervals. COSMO is a European group for numerical weather
prediction with participating meteorological services from Germany (DWD, AWGeophys),
Greece (HNMS), Italy (USAM, ARPA-SIMC, ARPA Piemonte), Switzerland (MeteoSwiss),
Poland (IMGW), Romania (NMA) and Russia (RHM). The general goal is to develop, im-
prove and maintain a non-hydrostatic limited area modelling system to be used for both
operational and research applications by the members of COSMO. This system is initially
based on the COSMO-Model (previously known as LM) of DWD with its corresponding data
assimilation system.

The Technical Reports are intended

• for scientific contributions and a documentation of research activities,
• to present and discuss results obtained from the model system,
• to present and discuss verification results and interpretation methods,
• for a documentation of technical changes to the model system,
• to give an overview of new components of the model system.

The purpose of these reports is to communicate results, changes and progress related to the
LM model system relatively fast within the COSMO consortium, and also to inform other
NWP groups on our current research activities. In this way the discussion on a specific
topic can be stimulated at an early stage. In order to publish a report very soon after the
completion of the manuscript, we have decided to omit a thorough reviewing procedure and
only a rough check is done by the editors and a third reviewer. We apologize for typographical
and other errors or inconsistencies which may still be present.

At present, the Technical Reports are available for download from the COSMO web site
(www.cosmo-model.org). If required, the member meteorological centres can produce hard-
copies by their own for distribution within their service. All members of the consortium will
be informed about new issues by email.

For any comments and questions, please contact the editor:

Massimo Milelli

massimo.milelli@cimafoundation.org
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